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Table 1 Correlation paramseters and var, cov, MODEL-1
B OB a Vao Vo, Vu Vaoz
4 —0.209 1.322 0.3842 0.1954 0.1241
5 —0.222 1.422 0.4750 9.2686 0.1794
6 -0.224 1.438 0.4896 0.2807 0.1889
7 —0.216 1.369 0.4275 0.2297 0.1496
#2 WE I BRENBFTESHTE
Table 2 Correlation parameters and var, cov, MODEL-2
pi-a B a b Voo Vos Vo Vi Vi Vi
4 —0.178 —0.17 1.17 0.24 ¢.054 0.251 0.096 | 0.058
5 —0.,204 —0.171 1.22 0.269 0.065 0.307 0.123 [ 0.083
6 —0.229 —0.182 1.304 034 0.100 0.394 0.180 | 0.123
7 —0.233 —0.160 1.262 0.28 0.071 0.368 0.147 | 0.115
%3 WE U ERSNERSHHR
Table 3 Correlation parameters and var, cor, MODEL-3
&& a b < Vo Vou Vo Vi Vi Vi Vi Va V.zz
4 10.108 0.103 0.08 1.00 0,162 0.012 0.181 ©.073 { 0.001 0.032] 0.001|<<0.001
5 | 0.113 0.111 0.087 1.05 0.187 0.020 0.192 0.082 } 0.001 0.014] 0.001}<<0.001
6 | 0,121 0.117 0.096 1.11 0.195 0.032 0.202 0.085 | 0.002 0.065 0.003]<0.001
7 0.112 0.107 0.085 1.07 0.192 0.021 0.197 0.080 | 0.001 0.020] 0.002|<20.001
F4 RAREEMHABER
Table 4 Test block classified matrix
%8 | — 1|2 |®HIBE]X|E|A| ] o EEERRETART | ER ERE
b3 7K|256 256 256 100.0
ERRD 256 256 | 256 100.0
& 5w 253 2 1 256 | 253 98.8
pidb 192 ] 15 1 208 | 192 92.3
BEE% 15 256 256 | 241 94.0:
% 1 A 26 230 256 | 230 89.8
W@ K 1 37 2 40| 37 92.5
B K E 256 256 | 256 100.0
F-3 H 7 71 12 {154 10 2 192 154 80.2
WK 208 | 14 2 224 208 92.9
% 256 | 14 | 10 256 | 232 88.7
=M ‘ ‘ 213 [ 43 256 | 213 83.2
& = 9 2] 4 240 240 | 225 93.8
I | 1 2 12 1241 256 .| 241 94.1
g :l . 450 50 50 45 90.0
10 24 142 | 176" 142 80.7
ﬁul: L-J.'t I il omia - . s
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Markov Random Mesh Models for Contextugl
Information Analysis of Remote Sensing

Image

Zheng Xiaoming and Fang Youching

-(Nanjing Forestry University)

Abstract

There exist the spe@gral information and the spatial information in a remote sensing im-
age. Discriminating a pixel depends not only on its spectral value, but also its spatial position
and the relationship between the pixels. The spatial information, existing in an image, is usu-
ally subdivided into types-texture and context. This paper is about the classification models
using contextual information. Three Markov mesh models are structured, the models then are
used for contextual classification. ‘The methods of estimating the spatial correlation parame-
ters are given. A recursive contextual classification procedure, algorithm and programming
is presented. The effectiveness and efficiency of the classification models is proved by experi-

ment.



