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Table 1 40 Training samples

X1 X2 X3 X4 WROE E A
19 19 56 28 4 1
19 19 54 26 1 1
19 18 47 23 1 1
19 19 54 26 1 1
20 22 56 28 4 1
19 19 54 26 1 1
23 27 45 21 4 2
23 25 54 24 4 2
19 19 51 25 1 2
20 20 42 18 3 2
18 19 45 22 1 2
27 31 51 22 4 2
23 30 46 20 4 2
21 24 46 21 4 2
25 32 41 17 4 2
17 14 33 16 0 3
16 13 40 19 0 3
14 12 37 18 0 i 3
16 13 38 17 0 3
13 14 36 18 0 3
17 13 36 18 0 3
14 13 37 16 0 3
16 12 37 16 0 3
14 13 34 15 0 3
15 12 32 16 0 3
16 12 42 21 2 4
16 12 45 22 2 4
17 13 42 22 2 4
16 12 42 21 2 4
16 13 43 19 2 4
16 12 41 20 2 4
17 13 47 23 2 4
i6 13 40 21 2 4
14 13 42 22 2 4
16 12 42 22 2 4
16 13 43 21 2 4
17 13 41 22 2 4
16 12 44 22 2 4
16 13 37 19 0 4
18 13 45 23 2 5
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Table 2 3 “Unknown’ samples
X1 X2 X X s g
3 ! T EOE x® 3
23 27 41 18 4 2
13 12 31 14 0 3
17 13 47 23 2 4
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Table 3 Influence on the performance of the network by the increasing
of error of individual input signal

*RERH T AME * TR A kg A E TS
4 2 4 2
0 3 0 3
2 4 2 4
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Self-organization Neural Tree Model for Recognition
about Land Cover Type of Remote Sensing

Cai Yudong Li Wei Xu Weijie
(Shanghai Institute of Metallurgy, Chinese Academy of Scineses)

Abstract The self-organization neural tree for the recognition about land cover
type of remote sensing was presented in this paper, which a group of samples was
studied. The successful rate was high. The results show that the neural network
model was good, and therefore it might be referred as an effective technique for
the recognition about land cover type of remote sensing.

Key words Land cover type of remote sensing, Artificial neural Network, Self-
.organization neural tree model



