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Table 1 Training and classifying result with BP network for 10 classes
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Table 2 Sub-class numbers and selected bands for each class

x 3 1 i 2 } 3 ’ 4 5 6 7 8 9 10

. )
TR 4 | 5 3 3 3 4 2 3 2 1
e Tk B3 35455 | 45556 | 43555 | 35556 | 25455 | 20556 | 15255 | 25354 | 1,3,5 | 1,2,3

BB 2 hEE =R (B e ERAOMDER 3D TRRER TE 3, BFRITE 4%
FUaEE 4,5,6 BEDPEZRXFALRENGEN=ZCHE, TREETRE4,5,6 KR



w4 FXRE: SRNBREAGROEETHEITH 301

BRI 2, BAMWRE LA E WAL R e — SR A S B 4,5,6 WERBERT
ZE, MR, ZHRTHE,TESER X, XUAE &S X T EETHEN.

BAE VAX8700 /NEIYL Bk Tl B S BEHE 16.05 4580, Bl & 1011125, 1R
PR ERRE, ANRIMEEALKERE K-MEANS J5ikst{THRE, $HH 30 MHER
YEA A O L, % i f Y B et T b 3

SEX

DG) =|Z(m + 1) — Z,(m)||, i=1,2,---,k
nF
D()KT, i=1,2,--+,k
T X% e E{E

TLEER, MT = 0,2 20 NHBEERMRR T, 3T = 0001 K, 2%
44.2€ 90, RIGE I 19 B, MO R ERENRE, RBERTEAGS LT . Hik, BE&0K
THFETRERE L, ERESRHME L, BEAL REM,

#3 FERETFEDM . HFRSHERFHENTELR

Table 3 Means and variances of sub-class in class 3 compared with those of samples
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A Mixed Classification Method for Multicategory
Remotely-sensed Image Recognition

Jin Wenji Liu Zhengkai

(Information Processing Censter, Univ. of Sci. & Teck. of China)

Abstract Multicategory recoginition is very important to practicality of remotely-

sensed image clessification. This paper has presented a mixed classification method

integrating multi-layer neuron network and unsupervised classification algorithm. At
the first step, a multi-layer neuron network is used and the result serves as input
for the unsupervised classification at the second step. The number of patterns that
can be recognized is increased from 10 to 30. Applying this algorithm to SPOT
remotely-sensed image recognition shows it can adapt the requiry of multicategory
recognition,

Key words Mixed classification method, Multi-layer neuron network, Supervised

classification, Unsupervised classification



