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Fig.5 Inversion flow chait based on Uncertainty and Sensitivity Matnix
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The Study of Subpixel Unmixing Using Hyperspectral and Multiangular Data

TANG Shi-hao, ZHU Qi-jiang, 1I Xiao-wen, WANG Jin-di, YAN Guang-jian
( Resaurch Center for Remote Sensing and GS, Dept. Geography, Beijing Normal Univasity & Bejing Key
Laborapry for Remote Sensing of Environment and Digitdl Cities, Beijing 100875, China)

Abstract: The problems of pixel mixture are the main obstacles of quantitative remote sensing. In this paper, we clas-
sify the problems of pixel mixture into two groups: mixture in class and mixture between classes. and focus our study on
the former. The key problem of subpixel unmixing is to determine the component spectra. Many methods have been de-
veloped to determine the component spectra. However, most of these methods base on the assumption that pure compo-
nent signatures can be found from the image itself. Obviously, this assumption is not correct for pixel mixture in class. In
this paper, a new method to combine hyperspectral and multiangular data together to retrieve subpixel information is intro-
duced. This method begins from the defintion of the component signatures and ftries to get a priori information from the
data itself, so it's more likely to acquire the “pure” endmember spectra and the subpixel infomation extracted by this
method is more reliable than some other ways. To demonstrate the result of this method, we use BORFAS ( the Boreal
Ewsystem- Atmosphere Study) data to extract component signatures and the corresponding areal proportions in SSA
(Southern Study Area) OJP( Old Jack Pine)site. The wresult is encouraging.
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